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AN APPLICATION OF MULTIVARIATE TOTAL POSITIVITY TO PEACOCKS

ANTOINE MARIE Boagso!

Abstract. We use multivariate total positivity theory to exhibit new families of peacocks. As the
authors of [F. Hirsch, C. Profeta, B. Roynette and M. Yor, Peacocks and associated martingales vol. 3.
Bocconi-Springer (2011)], our guiding example is the result of Carr—Ewald—Xiao [P. Carr, C.-O. Ewald
and Y. Xiao, Finance Res. Lett. 5 (2008) 162-171]. We shall introduce the notion of strong conditional
monotonicity. This concept is strictly more restrictive than the conditional monotonicity as defined
in [F. Hirsch, C. Profeta, B. Roynette and M. Yor, Peacocks and associated martingales, vol. 3. Bocconi-
Springer (2011)] (see also [R.H. Berk, Z. Wahrscheinlichkeitstheorie und Verw. Gebiete 42 (1978) 303—
307], [A.M. Bogso, C. Profeta and B. Roynette, Lect. Notes Math. Springer, Berlin (2012) 281-315.]
and [M. Shaked and J.G. Shanthikumar, Probab. Math. Statistics. Academic Press, Boston (1994)].).
There are many random vectors which are strongly conditionally monotone (SCM). Indeed, we shall
prove that multivariate totally positive of order 2 (MTP2) random vectors are SCM. As a consequence,
stochastic processes with MTP> finite-dimensional marginals are SCM. This family includes processes
with independent and log-concave increments, and one-dimensional diffusions which have absolutely
continuous transition kernels.
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1. INTRODUCTION

We call peacock a real valued process (Z;,t > 0) which is integrable, i.e. E[|Z;]] < oo for every ¢ > 0, and
which is increasing in the convex order, i.e., for every convex fonction ¢ : R — R,

the map: t € Ry —— E[¢(Z})] €] — 00, +00] is non-decreasing. (1.1)

Observe that if (Z;,t > 0) is a peacock, then E[Z;] does not depend on t. Indeed, it suffices to apply (1.1)
first with ¢ (z) = z, then with ¢(x) = —a. The pun peacock comes from the french: “Processus Croissant
pour I’'Ordre Convexe” which acronym: “P.C.0.C” may be pronounced “peacock”. To prove that an integrable
process satisfies (1.1), it suffices to consider convex functions which belong to the set:

C:={¢: R — R convex C%-function such that ¢)” has a compact support},
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where 1" denotes the second order derivative of 1. Note that if ¢ € C, then its derivative v’ is bounded and
there exist ki, ko > 0 such that:

Ve eR, |[U(z)| <k + ke|z|.

There are two remarkable results which motivate the investigation on peacocks. In 2008, Carr—Ewald—Xiao [9]
proved that Asian options are increasing in the convex order with respect to the maturity. In other words, if
(Bs, s > 0) denotes a standard Brownian motion issued from 0, then

1 [ :
<Nt = E/ eBemids t > 0> is a peacock. (CEXO08)
0

The second result due to Kellerer [28] states that a real valued process (Z;,t > 0) is a peacock if and only if

there exists a martingale (M, ¢ > 0) with the same one-dimensional marginals as (Z;,t > 0), i.e., for every

12
t>0, M (faw) Z,;. This martingale is not unique in general and it may be chosen Markovian. Recently, Hisch—

Roynette [19] offered a new proof of Kellerer’s theorem. However, the Kellerer’s proof is not constructive,
and then it helps neither establishing whether or not a process is a peacock, nor constructing an associated
martingale to a given peacock (Z;,t > 0), i.e. a martingale having the same one-dimensional marginals as
(Zi,t > 0). In [7], Baker— Yor provide an associated martingale to (N, ¢ > 0) using the Brownian sheet. Inspired
by Carr—Ewald—Xiao and Baker—Yor results, the authors of [18] exhibited several examples of peacocks and
they provided several methods to associate explicitely martingales to certain of them. We refer the reader
to [3,6,8,17,32] for further interesting results about peacock processes.

In this paper, we exibit new families of peacocks using multivariate total positivity theory. But for many of
them, finding an associated martingale remains open. Let us mention that total positivity is a nice property
that plays an important role in various domains of Mechanics and Mathematics. There is a large amount of
literature concerning total positivity. We shall follow Karlin [24] and Karlin—Rinot [29] for basic definitions and
results.

In Section 2, we give some basic results concerning total positivity and multivariate total positivity of order 2.
Section 3 is reserved to strong conditional monotonicity results. Finally, in Section 4, we use strong conditional
monotonicity theorems to exhibit new classes of peacocks, inspired from the Carr—Ewald—Xiao example.

2. TOTAL POSITIVITY AND MULTIVARIATE TOTAL POSITIVITY
OF ORDER 2

We first define totally positive functions of order 2 and give several examples of Markov processes with
totally positive transition kernels. Then, we deal with an extension of total positivity of order 2 to multivariate
distributions.

2.1. Totally positive functions of order 2

We follow the terminology and notation of Karlin [23].

Definition 2.1. A function p : R x R — R, is said to be totally positive of order 2 (TPs) if for every real
numbers 1 < T2, Y1 < Y2,

= det > 0. (TP3)
p(r2,y1) p(22,Y2)

(xl,;@) p(z1,y1) p(x1,y2)

Similarly, a function p : Z x Z — Ry is said to be TPy if, for every integers k1 < ko and [ < 3, p satisfies (TP3).

Note that one may define totally positive functions of order higher than 2 (see [23]).
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Remark 2.2. Let D denote a subset of R x R which satisfies the following property:

For every 1 < x9 and y; < ya,

(P)
[(z1,y2) € D and (z2,y1) € D] = [(z1,y1) € D and (z2,y2) € D].

Let p: D — Ry be TPy, i.e. for every x1 < x2, y1 < yo such that (x1,y1), (z1,y2), (z2,y1) and (x2,y2) belong

to D, p(xl,m) >0
Y1,Y2 ) —
We define:
Vay R, flay) = { PGV R EYE D
Then, p is TP if and only if p is TPs.
Here are some examples of D C R x R satisfying (P).

i) If I and J are two intervals of R, then I x J satisfies (P).
i) For every reals ko < k1 and every (o, ) € R x R\ {(0,0)},

D ={(z,y) € R xR, kg < ax — By < k1 } satifies (P).

We give properties of TPs functions assuming that they are defined on R x R. By the preceding remark, one
may extend these results to functions defined on subsets of R x R which satisfy (P).
The following characterization result of smooth TPy functions is proved in [24].

dp 0 0?
Proposition 2.3 (Karlin [24]). Let p : R x R — R4 be such that the partial derivatives —p, —p, an P

dx’ Oy 0xdy
exist at each point (x,y) of R x R.

1) If p is TP, then, for every reals x1 < xo and vy,

0
p(21,9) a—z(xl, Y)
det >0, (2.1)

0
p(22,9) 8—5(352, Y)

and, for every (z,y) € R x R,

0
p(z,y) a—z(w,y)
det > 0. (2.2)
@(x )8_21’(96 )
oz Y 0xdy Y
2) Conversely, if p(xz,y) > 0 for every (z,y) € R x R, then (2.2) implies (2.1), which in turn implies that p
1s TPs.

A second criterion of smooth TPy functions follows from Proposition 2.3.

Corollary 2.4 (Karlin [24]). Letp: RxR — Ry be strictly positive and such that at each point (z,y) of Rx R,
9*(logp)
dxdy

the second order partial derivative (z,y) exists. Then p is TPs if and only if

9 (log p)

920y (z,y) >0
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Proof. This follows from (2.2) and from the straightforward relation:

p(z,y) g—i(w, Y)

O (logp ).Z‘ = det . O
88 (’y) ap a2p
5oy G ()

P’ (z,y)

Example 2.5 (Brownian transition densities). Consider the family (p; : R x R — R, ¢ > 0) given by:

V(z,y) e R xR, pi(x,y) = \/;_meXp <—(1‘2; Y) )

For every t > 0,
9*(log p)
— =->0
920y (2,y) ;
and, by Corollary 2.4, p; is TPs.
More generally, if f : R — R is a strictly positive C?-function, then (z,y) — f(z —y) is TPy if and only if

f is log-concave. Indeed,
2

0x0y
Example 2.6 (Ornstein—Uhlenbeck transiton densities). Let (ps, ¢ > 0) be the densities defined on R x R by:

log f(x —y)] = —(log f)"(z —y).

oy — 2o — (1 — 1))
_ _ R).
pi(.9) 27 sinh(ct) P ( « 2 sinh(ct) (c,v €R)
For every t > 0,
9*(log pt) c
Z e — 0
920y &Y = Samen 0
and, from Corollary 2.4, p; is TPs.
Counterexample 2.7. The function p defined by:
1
Ve, y e R, plr,y) = ———
y p(z,y) =17 @9

is not TPs.
New TP, functions are generated using the following classical composition formula:

Lemma 2.8. Let p,qg: R xR — R be two Borel functions, and let o be a positive measure on R such that:

Vo2 eR, / Ip(z, 9)l|a(y, 2)| o(dy) < o
R

Let r denote the function defined on R x R by:

Vur,z€eR, r(m,z):/R (z,9)q(y, 2)o(dy).

Then, for every reals x1 < T2, 21 < 22,

X1, T2 X1, T2 Y1,Y2
d dys). 2.
(21,22> //yl<y2 (yhm)q (thQ) o(dy1)o(dys) (2.3)



518 A.M. BOGSO

Remark 2.9. If p and ¢ are two integrable functions with respect to the Lebesgue measure and if r := p x ¢
denotes the convolution product of p and g, i.e.

Ve R, r(z) = /R p(z — y)a(y)dy,

then, using (2.3), for every z7 < z and 21 < 2o,

r(zy — z1) r(z1 — 22)

det
r(ze — 2z1) r(z2 — 22)
p(r1 —y1) p(z1 —y2) q(y1 — 21) q(y1 — 22)
= / / det det dyidys.
Y1<yz p(r2 —y1) p(r2 —y2) q(y2 — 21) q(y2 — 22)

From Lemma 2.8 and Remark 2.9, we easily deduce the following result:

Proposition 2.10. Let p,q: RxR — Ry be two TPy functions such that the product r : RxR — R given by:

Va2 R, r(z,2) = / p(z, y)aly, 2)dy
R

1s finite. Then r is TPs.
In particular, if p and q are two integrable log-concave functions, then the convolution product r = p x q is
also log-concave.

Remark 2.11. Proposition 2.10 allows to regularise TPy functions in such a way that total positivity is pre-
served. Indeed, if ¢ is a TP2 function such that, for every z € R, ¢(+, 2) is integrable, then, for every £ > 0, the

function ¢. defined by:
1 (z —y)*
9 d
. 27r/ReXp[ ez | 4, 2)dy

VzeR, lir%qg(-,z) =q(-,2) in L*(R).
£—

Va,z€R, g(x,2) =

is TPy. Moreover,

2.2. Markov processes with totally positive transition kernels
In this paragraph, we present some examples of Markov processes with totally positive transition kernels.

Definition 2.12. Let P := (Ps(x,dy),0 < s < ¢,z € I) be the transition function of a Markov process
((Xt,t >0), (Py,x € I)) with values in a sub-interval I of R. P is said to be totally positive of order 2 (TP3) if,
for every 0 < s < t, every x1 < x2 elements of I, and every Borel subsets Eq, Es of I such that By < Es (i.e.
ay < ag for every a; € Ey and ag € Es), we have:

> 0. (2.4)

Pu (21, Ey) Pay(21, E
Pt(xl’%)._det welmn, B1) Poalon, Bi)

st\ By, B T
b2 P ¢(x2, Ey) Psy(x2, E)

Suppose moreover that (X, t > 0) is time-homogeneous. Then P is TPy if and only if

> 0. (2.5)

P, FEq) P, E

r(g) o e B e B
Ei,Ey |

L =2 Pt(£2aEl) Pt(£2aE2)
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Remark 2.13. Let P := (P;+(x,dy),0 < s < t,x € I) denote the transition function of a Markov process
((Xt,t > 0), (Py,x € I)) taking values in a sub-interval I of R. We suppose that, for every 0 < s <t and z € I,
P +(z,dy) has a continuous density ps ¢(z,-) with respect to a o-finite regular measure. Then P is TP if and
only if p,; is TPy, i.e. for every z1 < 2, y1 < y2 elements of I,

:= det > 0.

(331,5102) ps,t(xlayl) ps,t($17y2)
Ds,
Ps,t(T2, Y1) Ps,t(T2,Y2)

Definition 2.14. Let P := (Ps(k,1),0 < s <t,(k,l) € I x I) be the transition function of a continuous time
Markov chain (X, ¢ > 0) which takes values in a sub-interval I of Z. We say that P is TPy if, for every 0 < s < ¢
and every integers ki1 < ko, l1 < loin I,

Ps,t(kla ll) Ps,t(kla 12)
s t (l? f@) = det > 0. (2.6)
12 Py i(ko,l1) Ps(ka,l2)
If (X¢,t > 0) is time-homogeneous, then (2.6) is equivalent to:
Py(k1,11) Pi(k,l2)
P (’2;?) := det > 0. (2.7)

Pt(kQall) Pt(kQaZQ)

There are many Markov processes with totally positive transition kernels. Let us give some of them.
2.2.1. Processes with independent and log-concave increments
Let (X¢,t > 0) be a real valued process with independent increments, i.e.

V0 <s<t X;— X, isindependent of Fy :=0c(X,; 0<u<s). (PII)

We suppose that, for every 0 < s < ¢, the increment X; — X is log-concave. In other words, X; — X has a
density ps; (with respect to Lebesgue measure) which is log-concave, i.e.

Vx,y € Rv ¢ G]Oa 1[a ps,t(ex + (1 - Q)y) Z (ps,t(x))g(ps,t(y))l_g’ (28)

If X; — X, takes values in Z, then (2.8) may be replaced by

3 (k) = pas(k — Dps sk + 1), (2.9)

where, for every k € Z, ps (k) :=P(Xy — Xs = k).

Many common r.v.’s are log-concave. Indeed, Gaussian, uniform, exponential, binomial, negative binomial,
geometric and Poisson r.v.’s are log-concave. On the contrary, Gamma r.v.’s with parameter a € (0,1) are not
log-concave.

Theorem 2.15 (An [1], Daduna—Szekli [10]). A Lebesgue-measurable function f : R — Ry is log-concave if
and only if

flx1 =) f(z1 —y2)
Ve <x2 €R, y1 <yo €R, det > 0. (2.10)

flaz—y) flaa—y2) )

Then, (X¢,t > 0) is a Markov process with transition function Ps+(x,dy) given by:
VO<s<t x€eR, Psi(r,dy) = ps(y — z)dy, (2.11)

and, since Xy — X is log-concave, we deduce from (2.11) and from Theorem 2.15 that P, ;(z,dy) is TPs.
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2.2.2. Absolute value of a process with independent, symmetric and PFy, increments

Let (X, t > 0) be a real valued process with independent increments (PII) such that, for every 0 < s < ¢,
Xt — X, is symmetric and has a density denoted p,.. Note that p,; is symmetric, i.e., for every z € Ry,
Ps,t(2) = ps.t(—x). Then, (|Xy|,t > 0) is a Markov process whose transition function is given by:

Ps,t(aj,dy) = p:,t(xvy)dy (0 S s < ta T € R)a
where

p:,t(xay) = ps,t(y - 1’) +p5’t(—1' — y)

We suppose in addition that, for every 0 < s < t, ps+ is a Pdlya frequency (PF ) function, i.e. for every integers
r>l, 1<m<r,andevery z1 <29 < ... < ZTm, Y1 < Y2 < ... < Ym,

detlps (i —y;); 1 <i,j <m] = 0. (PF..)
Then the transition function P ((z,dy) is TPy, i.e., for every 0 < s < ¢, p , is TP3. This is a direct consequence

of the following result due to Karlin [23].

Theorem 2.16 (Karlin [23]). Let f : R — Ry be a symmetric PF density function. Then the function f*
defined on Ry x Ry by

fzy) = fle—y)+ f(-z—y)
1s a TPy function.

We mention that Theorem 2.16 remains valid if we consider discrete and symmetric PF., densities. To prove
Theorem 2.16, the author applies Schoenberg’s characterisation of symmetric PF,, densities in terms of their
Laplace transforms.

Theorem 2.17 (Schoenberg [35]). A symmetric density function f: R — Ry is PFs if and only if its Laplace
(oo}
transform @ : s — / e~ f(y)dy exists in a strip (of the complex plane) including the imaginary axis in its

interior and has the f(;;;n
Bls) = . (2.12)
I1(1—a}s?)
i=1

where a > 0, a; € R for every i, and 0 < a+ > a? < .
i=1
A discrete analog of Theorem 2.17 has been proved by Edrei [11].

Theorem 2.18 (Edrei [11]). A symmetric density function f : Z — Ry is PFs if and only if its Laurent series

S(z) = Z f(k)z" converges in some ring (of the complex plane) including the unit circle in its interior, and

k=—o00
(1+a2)+a <z+ %))

the analytic continuation S of S is of the form
(1 =mz)(1 =%z

et
N

=1

S(z)=Cexp(a(z+271))"

, (2.13)

8

7

I
—

oo
where C >0, a>0, a; >0,0<~; <1 for every i, and Y_ (a; + ;) < 00.
i=1

Here are some examples of symmetric PF,, density functions.
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Example 2.19. By Theorem 2.17,
i) a symmetric gaussian density is PF,
ii) for every A > 0, the density function f(z) = 5 exp(—Alz|) is PF.

Example 2.20. Theorem 2.18 applies in the following cases:
i) For every a € Ry, the density function f : Z — R, defined by

a2 (&%
10) = s, f(1)= (=) =

and f(k)=0if k ¢ {—1,0,1} is PF. Indeed, if we define

S = > Flk)h,

k=—o0

then

S(z) = ﬁ {(1—&-&2)4-&(24-%)]

which is of the form (2.13).
(1 —e2)?

ii) Let a >0 and ¢ = T o2 The density function f:7Z — Ry given by
—e

f(0)=c and f(k)=ce * kez\ {0}

oo
is PF,, since its Laurent series Y. f(k)z* admits the representation
k=—o00

5 (1—c )

S(z) = (1o (1 i e;)

which is of the form (2.13).

2.2.3. One-dimensional diffusions

An important class of real valued Markov processes with TPy transition kernels consists of one-dimensional
diffusions.

Theorem 2.21 (Karlin—Taylor [27], Chap. 15, Problem 21).

Let ((X¢,t > 0),(Pg,z € I)) be a one-dimensional diffusion on a sub-interval I of R, and let (Py(x,dy),t >
0,z € I) be its transition function. We suppose that (t,z) — Py(xz,dy) is continuous in x for every t. Then,
for every t > 0, Pi(x,dy) is TPs, i.e. for every x1,x2 € I and every Borel subsets By < Es of I,

P(z1, E1) P(z1, E>)
det > 0. (2.14)
Pt(an El) Pt(an EQ)

In particular, if Pi(z,dy) = pi(x,y)dy, and if p; is conlinuous in y for every x, then p; is a TPy function.
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This result is due at origin to Karlin—McGregor [25] who showed that (2.14) has a probabilistic interpretation:
Suppose that two particles q1 and q2, started at time zero in states x1 and x2, respectively, execute the process
(X¢,t > 0) simultaneously and independently. Then the determinant

Pt(xla El) Pt(xla EQ)
det (2.15)
Pt(.TQ, El) Pt(-TQ, E2)

18 equal to the probability that at time t, q1 is located in Fy and qs is located in Fo without these particles having
occupied simultaneously a common state at some earlier time T < t.

Karkin—McGregor [25] reach the same result for several time-homogencous and strong Markov processes
whose state space is a subset of the real line. In particular, the transition probability matrix of a birth and
death process is TPs.

Moreover, as a consequence of Theorem 2.21, bridges of one-dimensional diffusions have TPs transition
functions. We refer to [15] for a rigorous definition of the bridge of a one-dimensional diffusion.

2.3. Multivariate total positivity of order 2

Definition 2.22.

1) A function p : R” — Ry (n € N, n > 2) is said to be multivariate totally positive of order 2 (MTPy) if for
every X = (z1,...,x,) and y = (y1,...,yn) in R™,

pxAY)P(xVy) = p(x)p(y), (MTP,)
where
x Ay = (min(z1,y1),...,min(z,, yn))
and (2.16)
xVy = (max(z1,y1),...,max(Tn, Yn)).
2) A random vector (X1,...,X,) with real components is said to be multivariate totally positive of order 2

(MTP,) if it is absolutely continuous with respect to a o-finite product measure (which we shall always
denote dz1,...,dx,) and if its density p : R™ — Ry is MTPs.

Remark 2.23. By definition, the MTPs property is invariant under permutations, i.e. if a random vector
(X1,...,X,) is MTPy, then, for every permutation 7 of {1,...,n}, (Xrq), ..., Xz(n)) is MTPs.

The following result is proved in Karlin—Rinot [29].

Theorem 2.24 (Karlin—Rinot [29]).

1) If (X1,...,Xyn) is a MTPy random vector, then, for every k € N, 2 <k <mn, (X1,..., X)) is MTPs.

2) Let p : R" — Ry be a MTPy density. Then, for every k € N, 2 < k < n, and for every continuous and
bounded functions f; : R — Ry, i=1,...,n, the function p* : RF — R given by:

k n
pP (zy, .. a) :Hfz(xz)/ P(T1, oy Ty Upt 1y v ey Uny) H fi(uj)dugyr ... duy,
i=1 R

n—k .
j=k+1

18 MTP2
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As a consequence of Theorem 2.24, we have:

Corollary 2.25 (Karlin—Rinot [29]).
Let I,m,n € N*. Let p : R x R™ — R, and q : R™ x R" — R be two MTP, densities. Then the function
r: R x R™ defined by:

Yio2) €R X B r(e2) = [ playlaly. )y

m

18 MT.P2 .
Remark 2.26. Corollary 2.25 allows to regularize MTPs densities while preserving MTP, property.

Note that MTP; random vectors satisfy a co-monotony principle. Indeed, Sarkar [34] proved the following result.

Theorem 2.27 (Sarkar [34]). Let X = (X1,...,X,) (n € N*) be MTP,, and let ¢, : R" — R be two
measurable and simultaneously (componentwise) non-decreasing (resp. non-increasing) on R™. Then

E[¢(X)p(X)] = E[¢(X)|E[p(X)]. (2.17)

Recently, Pages [31] introduced a functional co-monotony principle for stochastic processes X := (Xy,t > 0).
He offered an extension of Inequality (2.17) by replacing ¢ and ¢ with functionals of the hole path of X. The
author also provided many examples of co-monotone stochastic processes.

Here are some basic examples of MTP, distributions (see Karlin—Rinot [29]).

Example 2.28 (Karlin—Rinot [29], Sect. 3).

1) If Xyq,..., X, is a sample of i.i.d. random variables, each X; having a density, then the joint density of the
order statistics X(y),..., X(p) is MTP3.

2) A Gaussian random vector (X1,...,X,) with an invertible covariance matrix X is MTP5 if and only if the
inverse matrix X! of ¥ has negative off-diagonal elements.

3) Let (X1,...,Xy) be a gaussian random vector with zero mean, and with an invertible covariance matrix X.
Let Y1 denote the inverse matrix of X. Then (| X1|,...,|X,|) is MTPy if and only if there exists a diagonal
matrix D with elements 41 such that DX ~!'D has negative off-diagonal elements.

4) Let (X¢,t > 0) be a Markov process with absolutely continuous and TP; transition kernel. Then, for every
distinct elements t1,...,t, in Ry, (X, ..., Xy, ) is MTPs.

Further examples of MTP2 distributions may be found in Karlin—Rinot [29] and Gupta—Richards [16].

3. STRONG CONDITIONAL MONOTONICITY

We introduce the notion of strong conditional monotonicity which strictly implies conditional monotonicity
as defined in [5,18].

Definition 3.1. For every n € N*, let Z,, denotes the set of continuous and bounded functions ¢ : R” — R
which are componentwise non-decreasing.

Definition 3.2 (Strong conditional monotonicity).

1) A random vector (X7i,...,X,,) with real components is said to be strongly conditionally monotone (SCM)
if, for every ¢ € {1,...,n}, every continuous and strictly positive functions fx : R — Ry, k =1,...,n such
that:

E

ﬁ fk(Xk)l < 00, (3.1)
k=1



524 A.M. BOGSO

and every ¢ € Z,,, we have:

E {gb(Xl, X)) TT Se(X0) XZ:Z]
z€R+— Ki(n,z):= — b=l
E LE Fe(Xe)| Xi = z] (SCM)

is a non-decreasing function.

2) A real valued process (X, A > 0) is said to be strongly conditionally monotone (SCM) if its finite-dimensional
marginals are SCM.

Remark 3.3.

1) If there are subsets I1,..., I, of R such that, for every k, X} takes values in I, we may suppose in Defini-
tion 3.2 that ¢ is defined on I; X ... x Iy, fj is defined on I, and z — K;(n, z) is defined on I;.

2) Let (Xx,A > 0) be a real valued process, and let § : Ry x R — R be such that, for every A > 0, z ——
O(\, ) is continuous and strictly increasing (resp. strictly decreasing). If (X, A > 0) is SCM, then so is

3) Let X be a real valued r.v. and let o : Ry — R* be non-decreasing. Then («(\)X, A > 0) is SCM.

4) Note that (SCM) implies the conditional monotonicity as defined in [5,18]. Indeed, if we take f;, = 1 for
every k € N*, we recover the conditional monotonicity hypothesis. The converse is not true. For example,
the Gamma subordinator is conditionally monotone (see [5], Sect. 2 or [18], Sect. 1.4), but not strongly
conditionally monotone.

We exhibit an important class of SCM random vectors. Indeed, we prove that MTP, random vectors are SCM.
This result extends Theorem 3.43 of [4] to the non-Markovian case.

Theorem 3.4. Every MTPs random vector is SCM.

Proof. Let (Xi,...,X,) (n > 2) be a MTP3 random vector, and let p : R" — R, denote its density. By
regularisation, we may assume (without loss of generality) that p is continuous and strictly positive. Since
MTP5 property is invariant under permutations, it suffices to prove (SCM) for i = n.

Let fr : R — R%, k =1,...,n be continuous and strictly positive functions satisfying (3.1). By truncature,
we may suppose (without loss of generality) that all fi are bounded.

We shall prove by induction that, for every I € {2,...,n}, and every ¢ € 7;,

E [¢<X1,...,Xz> 1T fe(X5)

k=1

Xl:zl,...,Xn:zn]

(215 oy 2n) —

E { IZT Jr(Xk)
k=1

Xl:Zl7~-~7Xn:Zn:| (El)

is componentwise non-decreasing.
Observe that if [ = n, we recover (SCM) with i = n.
e Case 1 = 2. For every ¢ € T, and every z = (22,...,2,) € R", we define:
E [¢p(X1, X2) [1(X1) f2(X2)|Xa = 22,..., Xy = 2]
E[f1(X1)f2(X2)| X2 = 2z2,..., Xp, = 23]

/ " o, ) f(@)pla 2)da

K(2,z) =

= (3.2)
[ F@)p(a, z)dz
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/f
/f

0o 1
K(2,2) :/_ d(x, 22)dF,(x) :/0 1) (Fz_l(u),zg) du,

since F, is continuous and strictly increasing.
Therefore, for every u € [0, 1], it suffices to show that

We set

so that (3.2) may be written:

z — F, '(u) is componentwise non-decreasing. (3.3)

But (3.3) holds as soon as, for every x € R, z —— F, ( ) is non-increasing with respect to each argument. Indeed,
for every z = (22,...,2,), 2 = (2},..., ;L) in R"~! such that z < 2z’ (i.e. z; < 2] for every i = 2,...,n), and
for every u € [0, 1],

Fy (Fy'(w) < F, (F;l (u)) (since z — Fy(x) is componentwise non-increasing)

Since p is MTPs, then, for every z < 7/,

p(y, 2 )p(x,2) > p(y,2)p(x,2') ify >z,
and

p(y,z)p(x,2') > p(y, 2’ )p(x,z) if y <.

1+/f )p(z,2')dy
/f )p(z,2')dy

" Hr. (e, 1+/f '
Ry

Then, for every z < z’ in R" 1,

1

- T Ful(x :
p(a, / oy (z)
which proves that, for every = € R, z — F,(x) is componentwise non-increasing, and then (3.3) holds.

e Case 1 > 2. Suppose that (E;_1) holds for every function in Z;_;. Let us prove (E;) for every fixed ¢ € 7;.

For every z = (z,...,2,) € R"™*1 we define:
!
]E |:¢(X1,...,Xl) H fk(Xk) Xl = Zl,...,Xn = Zn:|
K(l,z) = — =
E|:H fk(Xk) Xl :Zl,...,anzn]
k=1

e} -1
/ ( A ¢(F,x1-1,2) [ [ fuler)p(z, $z—1,Z)dT> dzi—
— o -2 paiiet

0o -1
/ (/ H fk(l‘k)p(f, 1, Z)df) dz;_1
—00 Rl72 k:l

where T = (x1,...,2—2) and dT = dx; ... dz;_s.

b
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Now, set X = (Xj,...,X,), and consider the functions é:R"™42 R and p: R*1+2 R?% defined,
respectively by:

~ RI-2

—2
O(T,u, 2;) H (T, u, z)dT
¢(u,z) = =

/ H fi(zr)p(T, u,z)dT
RI—-2 he1

-
E |:¢(X1, PN 7Xl—1a Zl) kl:fl fk(Xk)

X1 =u,X = z}

)

E D:fl Fo(X)| X1y = u, X = z}

and
p(u, / H fe(zk)p(T, u,z)dz.

By the induction hypothesis (E;_1), (Ebelongs t0 Zp—142, and, using Point 2) of Theorem 2.24, p satisfies (MTP5).
Moreover,

/ b(x1-1,2) fi1(z11)pli_1,z)dzy
K(l,z) = .

/ fim1(xi—10)p(xi—1, 2)dz 1

Since p is MTPs5, then, using the same computations as in the Case [ = 2, we show that, for every y € R,

/ fi1(@—1)p(x1—1, 2)dw 1

/ Ji—i(z—)p(x1—1,2)da—1

is non-decreasing with respect to each argument; which yields that z — K(I,z) is also non-decreasing with
respect to each argument. O

Remark 3.5. We failed to find a SCM process which is not MTPs due to that SCM and MTPs properties
coincide for several processes. For example, let (X7, X2) be a SCM random vector which has the law P(X; =
i,X2=73)=0p(,7) (i,j € Z). Then, (X1, X2) is MTP,. To prove this, we may assume without loss of generality
that p is strictly positive. Since (X1, X3) is SCM, then, for every bounded and strictly positive function f, and

for every a € Z,
+oo
> fk)p(k,n)

nr— —— is non-decreasing,

> fR)p(k,n

k=—o00

i.e. for every n < n’, every a € Z and every bounded and strictly positive function f : Z — R,

“+o00 a—1
> ) ( > fk) [p(k,n)p(K',n') —p(k,n’>p(k’,n>}> >0

k'=a k=—o00
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which is equivalent to

“+oco a—1
Zg(k’)( > hk) [p(k, n)p(k',n') —p(k,n’>p<k’,n>]> >0 (34)
k'=a k=—oc0

for every bounded and strictly positive functions g : Ja, +0o[— R4 and h :] —o00,a —1] — Ry. But (3.4) implies
VE' € Ja,+oo[, Vh:] —oco,a — 1] — Ry,

S k) ok, mp (K ) — plk, ' )p(k m)] > 0

k=—o0
which in turn implies
V' € [a,+oo[,Vk €] —o0o,a— 1], p(k,n)p(k’,n") — p(k,n")p(k’,n) > 0.

Since a, n and n’ are arbitrary integers, we deduce that p is TPy. As a consequence, every SCM process taking
values in a discrete subset of R has TPs bidimensional marginals. In particular, a Markov process with discrete
state space is SCM if and only if it is MTPs.

Here is a direct consequence of Theorem 3.4.

Corollary 3.6. Fvery stochastic process with MTPs finite-dimensional marginals is SCM. In particular, if
X = (X4,t > 0) is a real valued Markov process such that X has an absolutely continuous and TPy transition
kernel, then X is SCM.

Remark 3.7. By Corollary 3.6, the processes below are SCM:

i) processes with independent and log-concave increments;

) absolute values of processes with independent, symmetric and PF, increments;
iii) one-dimensional diffusions with absolutely continuous transition kernel;

) Gaussian random vectors with an invertible covariance matrix such that the inverse matrix has negative
off-diagonal elements.

4. APPLICATIONS OF STRONG CONDITIONAL MONOTONICITY TO PEACOCKS

We use strong conditional monotonicity results to study some generalisations of the Carr—Ewald—Xiao
theorem (see (CEXO08)).

4.1. Peacocks obtained by integrating with respect to a finite positive measure
The following result was proved in [5].

Theorem 4.1. Let (Xx,A > 0) be a real valued right-continuous process which is conditionally monotone in
the sense that, for every n € N*, every i € {1,...,n}, every 0 < Ay < ... < \,, and every ¢ € I,

z+— E[p(Xn,, ..., X, )| X, = 2] is non-decreasing. (CM)

Suppose that, for every t > 0 and every compact K C Ry,

E [exp <t sup X,\>] < oo and inf Elexp(tXy)] > 0. (4.1)
K AeK

Then, for every finite positive measure u on Ry,

(1) et .
(At ::/O mp(d)\),t>0> is a peacock.
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This result is a generalisation of Carr—Ewald—Xiao theorem. Indeed, by making the change of variable s = t\
in (CEXO08), the Brownian scaling property yields:

1 1
Vi >0, Nt:/ B3 q) (1a:W>/ eVIBA=5 )\, (4.2)
0 0

Observe that (Bx, A > 0) is a right-continuous conditionally monotone process since it is a Lévy process with
log-concave increments. Then, by Theorem 4.1,

1 e\/ZBA
A = / ——d\,t > 0| is a peacock,
0 E |:e\/zB>\j|

and we recover (CEX08) thanks to (4.2).

In [5], further examples of conditionally monotone processes are presented. For example, the Gamma sub-
ordinator and “well-reversible” diffusions at a fixed time are conditionally monotone. We refer to [5] for the
definition and some properties of “well-reversible” diffusions. Moreover, Theorem 4.1 applies to stochastic pro-
cesses with MTP; finite-dimensional marginals (such as one-dimensional diffusions) since they satisfy (SCM)
(which implies (CM)). Note that one-dimensional diffusions are not necessarily “well-reversible” at a fixed time.
Indeed, “well-reversible” diffusions at fixed time are unique strong solutions of stochastic differential equations.

4.2. Peacocks obtained by normalisation.

Let (Vz,t > 0) be an integrable real valued process with a strictly positive mean, i.e. E[|V4]] < oo and

E[V;] > 0. Consider the process
Vi
Nyi=——=,t>0]).
( CEMT T )

Observe that E[N;] = 1 for every ¢ > 0. Since E[N¢] does not depend on ¢ (which is a necessary condition to be
a peacock), it is natural to look for processes (V;,t > 0) for which (N, ¢ > 0) is a peacock. Many examples of

¢
such processes are presented in [6]. Note that if V; := / eB:=3ds, then (CEX08) is equivalent to:
0
Vi
Nyi=—=——=,t>0]) i k.
< tE R 2 ) is a peacoc

One may also investigate on processes (Vi,t > 0) such that the centered process (Cy := V; — E[V;],¢ > 0) is a
peacock. We do not treat this case here and refer to [6, 18] for main results.
We deal with processes of the forms

V- [ e Xoua ) ")

and

v2=ex ([T anxn@y). (F2)
0
where g is a positive Radon measure, ¢ : Ry x R — R a continuous function such that, for every s > 0,

gs : * — q(s, ) is non-decreasing (resp. non-increasing), and where (X, A > 0) is a real valued process. Our
purpose is to answer the following question:

Under which conditions is (NtZ = —t.},t > 0) (i =1,2) a peacock? (Q)
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Remark that, in (F1), the parameter ¢ is a time parameter, while in (F2), it is a dilatation parameter. For this
reason, we call peacocks with respect to maturity peacocks of type N' and peacocks with respect to volatility
peacocks of type N2.

For processes of type N!, a partial answer to (Q) is given in [6] when X has independent and log-concave
increments. We extend this result to real valued processes which satisfy (SCM). In particular, we prove under
some integrability hypotheses that processes with MTP5 finite-dimensional marginals solve (Q).

4.2.1. Peacocks with respect to maturity

Theorem 4.2. Let (X, A > 0) be a right-continuous process which satisfies (SCM). Let u be a positive Radon
measure and let ¢ : Ry x R — R be a continuous function such that, for everyt > 0:

1) y— q(t,y) is non-decreasing (resp. non-increasing),
ii) the following integrability properties hold:

O :=exp (u([O, t]) sup q(s,Xs)) is integrable (4.3)
0<s<t
and
A =E [exp (u([O,tD Og;f;tq(s,Xs))] > 0. (4.4)
Then,

¢
e ([ ats. X0 utas))
0 t>0 is a peacock. (4.5)

E [GXP (/th(s,Xs)/i(dS)ﬂ o

Proof. We only consider the case where y — ¢(\, y) is non-decreasing.
Let T' > 0 be fixed.
1) We first suppose that p has the form:

Nt =

Lomdu = Zai(SAm (4.6)
i=1

where r € N, 7> 2, a1 > 0,a2 > 0,...,a, >0, > a; = p([0,T]),0 < A\ <A < -+ <A <T, and where 63,
is the Dirac measure at point \;.
We show that,

(Nn ‘= exp (Z aiq(Ni, Xx,) — h(n)) ,ne{l,2,.. .,r}) is a peacock,

i=1

where
h(n) :=logE |exp (Z aiQ(AiaXAi)>] :
i=1
Note that:
E[N,, — Np—1] =0, for every n € {1,2,...,7}
with

Nn - Nn—l = Nn—l (ea"qo\"’XA”)_h(n)+h(n_1) — 1) = Nn—l (ea"(X*") — 1)
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and
dn(y) = ang(An,y) — h(n) + h(n — 1).

Then, for every convex function ¢ € C,
E[(No)] = Ep(No1)] = E [¢/(Nat)Naoy (€5 500) —1))]
E [K(n,XAn)IE[Nn,l\X,\n} (ea"(x*") - 1)] :
where

E[Y(Nn—1)Nn—1|Xx, = 2]

K(n, Z) = ]E[Nn_1|X>\n - Z]

Observe that the function ¢ : R"~! — R, given by:
n—1
Pz, Tpnr) = lexp (Z aiq(Ni, i) — h(n — 1))]
i=1
belongs to Z,,_1. If, for every i € N*, we define:
fi(@) = e®9X®)  for every z € R;

then, for every n € {2,...,71},

n—1
Np_y =e =1 H Te(Xx,)

k=1
and -
E [¢(XA13 cee 7X>\n—1) H fk(XAk) X>\n = Z]
K(n,z) = — k=1
E lH Se(Xx)| X, = Z]
k=1

Note that K (n, z) is well-defined since, for every n € {1,2,...,r},

E lH fk(X,\k)l =E |exp (Z aiCI(Ai,X/\i)ﬂ
k=1 i

k=1
r n
<E|exp| sup g\ X a;
<E|exp| sup q(\ X)) Zaz‘ V1
I 0<ALT 1
=E |exp (a(T) sup Q(/\aXA)) v 1}
I 0<ALT
= E[@T \Y 1] < 0.

By (SCM), K(n, z) is non-decreasing with respect to z.
Now, for every n € N*, we denote by (¢,,) "' the right-continuous inverse of g, and we set:

Vn,X»,) = K(n, Xx, )E[Np_1]Xx,] (e@’n(Xw . 1) .
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Then,
i) if Xy, < (@)~ *(0), then e?(X>n) — 1 <0 and

V(n, Xa,) 2 K (1, (3) 7 (0)) E[Nu-1] X, ] (7900 1)),
i) if Xy, > (gn)~1(0), then e (Xx2) —1 >0 and
V(n, X5,) = K (n, (@) (0)) B[N -1] Xy, ] (7 X) — 1)

As a consequence,

which shows that, for every integer r > 2,

(Nn ‘= exp (Z aiq(Ni, Xx,) — h(n)) ,ne{l,2,.. .,r}) is a peacock.

i=1

2) We consider v = 1jg 7dpu, and, for every 0 <t < T, we set:

o ( /0 tq(u,Xu)V(du)>

E {exp ( /0 tq(u,Xu)V(du))} |

Since the function A € [0,7] — q(\, X)) is right-continuous and bounded from above by sup |g(\, X»)|
0<ALT

which is finite a.s., there exists a sequence (v,,n € N) of measures of the form (4.6), such that, for every n € N,

supp vy, C [0,T], [vn(du) = [v(du) and, for every 0 < ¢ < T,

lim exp ( /0 tq(u,Xu)Z/n(du)> = exp ( /0 tq(u,Xu)y(du)) as. (4.7)

n— 00

Moreover, for every 0 <t < T and every n € N,

itg()) exp </Ot q(u,Xu)yn(du)>

t
SsupeXp( sup Q(/\aXA)/ Vn(du))
0

n>0 0<AZT

T
< supexp( sup q(/\,XA)/ Z/n(du)> V1
0

n>0 0<AST

T
= exp ( sup q(/\,XA)/ V(du)) vi=6rvi
0

0<ALT
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which is integrable from (4.3). By the dominated convergence theorem,

Jim E {exp ( /0 t q(u,Xu)Z/n(du))] =E {exp ( /0 t q(u,Xu)y(du))} . (4.8)

Using (4.7) and (4.8), we obtain:

nh_)ngo Nt(y") = Nt(y) a.s., for every 0 <t < T. (4.9)
But, we proved in 1) that:
(Nt(”"),() <t< T) is a peacock for every n € N, (4.10)
i.e., for every 0 < s <t < T and every 9 € C:
E[p(N&)] < B, [pv)] (4.11)
Besides, o001
O;E)T ig% ‘Nt(y") < h, (4.12)

which is integrable from (4.3) and (4.4). Using the dominated convergence theorem, we pass to the limit in (4.11)
as n — oo and deduce that (Nt(”), 0 <t <T)is a peacock for every T > 0. O

Now, we prove a version of Theorem 4.2 for a squared Bessel of dimension 0 (denoted BESQ). Note that the
transition function of a BESQV is not absolutely continuous with respect to Lebesgue measure. Then Theorem 3.4
does not apply. In particular, the finite-dimensional marginals of a BESQ® do not satisfy (SCM). Nevertheless,
a limit theorem due to Feller [14] for critical Galton—Watson branching processes allows to exhibit peacocks of

type (4.5).

Example 4.3 (A version of Thm. 4.2 for a BESQC).
For every k € N*, let ZF .= (Z,’f, n e N) denote a Galton—Watson branching process starting with & individuals,

1
and which has a geometric reproduction law v of parameter 3 i.e.

v(i) =271, foreveryic N.

For every k € N*, Z* is an homogeneous Markov chain with values in N, and its transition probability matrix Q
is given by:
. L [1ifj=0
vieN, Q@)= {0 otherwise

and

V(i,j) e N*xN, Q(i,j)= (“F;f 1) o—(i+3)

We consider the family (Q(”), n e N) of transition functions defined on N x N by:

Qm)(i,j):{““:j

0 otherwise

and

Since the function (4, j) — (Z + ‘; - 1) is TPy, we deduce from (2.3) that Q™ is TPy for every n € N.
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For every A > 0 and every k € N*, we set:
1
k k
Yy =22k
1
where [-] denotes the floor function. Then, (Yf, A> ()) is a Markov process with values in EN’ and its transition
function (P ,,0 < ¢ < n) is given by:

1 -
Yo,y € TN, Pey(,y) = QUMD (ka, ky).

Observe that P, is TPy for every ¢ and 1. By Theorem 3.4, for every k € N*, (Yf7 A> 0) is SCM.

Let ¢ : Ry X R — R be bounded, continuous and such that, for every A > 0, z —— ¢(\, x) is non-decreasing
(resp. non-increasing). It follows from Theorem 4.2 that, for every a; > 0, i € N*, and for every strictly increasing
sequence (A;,7 > 1) in R% ,

exp (Z aiq(Ni, Yii))
k

N,y = =1 ,neN is a peacock. (4.13)

n n
E |exp (Z aiq(Ni, Y)ﬁ))

i=1

A result due to Feller [14] states that, as k tends to oo, (Yf, A > O) converges in distribution to (Y °, A > 0),
which is the unique strong solution of:

dZy = \/2ZxdBy, Zy =1,

where (By, A > 0) is a standard Brownian motion. In particular, (Y;i JA> O) converges in sense of finite distri-
butions to (Y, A > 0). Then, (4.13) yields:

Xp (Z aiq(Xi, Yff))
NOO —

i=1

E [exp (Z a;q(Ai, Y,\OO)>

i=1

,n€eN is a peacock. (4.14)

As a consequense, we obtain the following result:

Corollary 4.4. Let (Y;,t > 0) be a BESQ° issued from 1, and let ¢ : R, x Ry — R be a continuous and
bounded function such that, for every A > 0, y —— q(X\,y) is non-decreasing (resp. non-increasing). Then, for
every positive Radon measure p on R,

oo ([ ats voutas))
E [exp (/th(s,lé)u(dS))]

4.2.2. Peacocks with respect to volatility

N; = ,t>0 is a peacock.

Theorem 4.5. Let (X, A > 0) a right-continuous process which is SCM. Let q : Ry x R — R be a continuous
function such that, for every X >0, x —— q(\,x) is of C' class, and let u denote a positive Radon measure on
R satisfying:

¥i>0, E {exp (/OOO q(/\,tXA)u(d/\))] < 0.
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We suppose that:

0
i) for every A > 0, the functions x — q(\, z) and © — wa—q()\, x) are non-decreasing (resp. non-increasing),
x
ii) for every t,A >0, there exists « = a(t,\) > 1 such that:

E {X,\O‘ (%)a ()\,tX,\)] < 0, (4.15)

iii) for every t,3 >0, and for every compact K C R,
@t(lg) = exp (ﬁ sup q(A, tXA)) is integrable, (4.16)
’ \eK

and

Ay =E [exp (ﬁ nf Q(A,tXA)> > 0. (4.17)

exp (/OOO a(A, tXA)/J(d/\)>

E [GXP (/Ooo q(/\,tXA)/i(d/\)ﬂ |

Proof. We shall suppose without loss of generality that, for every A > 0, the functions = —— ¢(\, z) and

Then,

Nt(“) = t>0 is a peacock. (4.18)

q .
x — x— (A, z) are non-decreasing.
i

1) We first treat the case where p is of the form

n
p=">_aidx,
1=1

where m € N*, a1 > 0,...,a, > 0,0 < A\ < ... < A, and where d) denote the Dirac measure at point .
Precisely, we show that

(Nt = exp (Z aiq(Ni, tXy;) — h(t)) ,t> 0) is a peacock,

i=1
with
h(t) = logE [eXp (Z aiQ(AiatXAi)>] :
i=1
o . . Jq .
We set 71 := > a;. Since the functions z — ¢(\,z) and z — xa—x(/\,x) are non-decreasing, then, for every
i=1

0<b<e, andievery telb,d,

i1 ie{l,...m ie{l,...,m}

exp (Z aiq(/\i,tX,\l)> < exp (ﬂ sup }q(/\i,0)> + exp (ﬂ sup q()\i,cXAi)>, (4.19)

and for every ¢ € {1,...,m},

Jdq c Jdq
X < Z e Xy ). .
ax (Aut )\1) — b (AZ? c >\1,) (4 20)

X
[ ox

| X,
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We deduce from (4.15), (4.16), (4.19) and (4.20) that, for every 0 < b < ¢,

sup
te[b,c]

Consequently, h is continuous on [0, +oo[, differentiable on |0, +oc[, and for every ¢ > 0,

Zaz )\zatX)\ eXp (Zakq AkatX)\k)>‘| )

k=1

k=1

i.€.
Zaz [NtXA 94 (i, tX, )}.
Now, define
~ aq
h)\i() E|:NtX)\a ()\Z,tX)\ ):|
so that

"(t) = Z aihx, ()
i=1
Since E[N¢] = 1, then, for every ¢t > 0 and i € {1,...,n}, (4.23) yields:
8 ~
E [Ny | Xy, P ()\zthA ) —hx () )] =0.

On the other hand, if ¢ is a convex function in C, then (4.16), (4.22) and (4.24) imply

8 Zaz [ (X,\ gq(Ai,tX,\i) —E,\i(t)ﬂ .
Thus, it remains to prove that, for every i € {1,...,m},
A;=E {w’(Nt)N (X,\ g (Mi, tX,) — ﬁ,\i(t)ﬂ > 0.

Observe that the function

G (21, X)) — Y (eXp (Z arq( Mg, try) — h(t)>>

k=1

belongs to Z,,. Moreover, if, for every k € {1,...,m}, we set fi(v) = exp(arq(Ag,tx)), then

N; = e_h(t) H fk(X)\k,)-

k=1

Therefore, by setting

E |:¢(X>\17 aX)\m) ﬁ fk?(X)\k) Xx = Z:|
Ki(m, z) = m — )
E |:kl:[1 fk(XAk) X = Z:|

)\Z,tX)\ exp (Z arq )\k,tXAk)> }1 < 0.
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(4.21)

(4.22)

(4.23)

(4.24)

(4.25)

(4.26)
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for every z € R, and every ¢ € {1,...,m}, we obtain

dq ~
A= B [ K, X0 ENIX] (X0, g0 30) < T ()]
ey~ aq 7 . . . ~ 1 . .
By hypothesis i), g¢, : © — xa—(g,tw) — he,(t) is continuous and non-decreasing; let qc, denote its right-
. ;
continuous inverse. Since (X, A > 0) is SCM, the function z — Kj;(m, z) is non-decreasing, and we deduce
from (4.25) that:

A; > K; (m, 3, (0)E |:]E[NtX)\J (XAi%(AiatXAi) — I, (ﬂ)]

= K; (m, 3, (0))E [Nt (X,\i%()\i,tXM) — hy, (t))} =0.

Thus, (N, t > 0) is a peacock.
2) If u has a compact support contained in a compact interval of R, then, following the same lines as Point 2)

in the proof of Theorem 4.2, we prove that (Nt(“), t> 0) is a peacock.
3) In the general case, we consider the sequence (j,(dA) := 1jg nju(dA),n € N). Let ¢» € C. By Point 2) above,
(Nt(“"), t> 0) is a peacock for every n. Then

Vo<s<t, E [w(N§Hn>)] <E [zp (Nt(“"))] . (4.27)

Moreover, it follows from Theorem 4.2 that, for every t > 0,

exp ( I q(C,tXc)u(d<)>

e o ([ acixoua)]

in other terms, the sequence (IE |:’(/)(Nt('u"))} ,n > 0) is non-decreasing and bounded from above by E [w(Nt(“))} .

Therefore, letting n tends to oo in (4.27), we obtain:

Nt(“") _ ,n>0 is a peacock,

vo<s<t E[¢(NW)| <Ew(N")]

which proves that (Nt(“),t > 0) is a peacock. g

We end with some examples.

Example 4.6. Let i be a positive Radon measure. Let (X, A > 0) be a right-continuous process having MTP,
finite-dimensional marginals, and such that, for every g > 0,

E

exp (5 sup X)\) < o0 (4.28)

0<¢<1
and

0<A<1

E {exp (ﬁ inf X, ) > 0. (4.29)
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We consider the function ¢ : [0,1] x R — R defined by:
Vha) € [0,1] xR, q(\z) =22+ VI+ A+ a2
The following inequalities are immediate.
V(A z) € [0,1] xR, ¥ <et) < 243n 4 o2, (4.30)

Then, using (4.28) and (4.30), we have:
vt>0, E [exp <u([0, 1]) sup q(A,tX;J)] < 00.
0<A<1

Moreover, (4.28)—(4.30) ensure that conditions (4.15)—(4.17) of Theorem 4.2 are fulfilled.

On the other hand, z +— ¢(\, ) and = +— xa—q(/\,x) are non-decreasing functions. Therefore, by
z
Theorem 4.5,

exp </01 q(/\,tXA)/i(d/\)>

E [eXP </01 q(/\,tXA)u(dA)ﬂ

Example 4.7. Let X := (X,,u > 0) denote a right-continuous process which has MTP; finite-dimensional
marginals. We assume that X enjoys the scale property of order v > 0, i.e.

Ny = >0 is a peacock.

Vit >0, (Xeou>0) "2 (47X, u>0).

Let ¢ : R — R be a non-decreasing C!'-function such that:

i) The function  — 2¢'(x) is non-decreasing.
ii) For every 8,t > 0 and = € R:

E [exp (ﬁ sup q(t'YXu))] <ocoetE [exp (ﬁ O<inf;1q(t7Xu))] > 0.

0<u<1
iii) For every t,u > 0, there exists o« = «(t,u) > 1 such that
E [|Xu|*(¢)* (" Xu)] < o0.

Then, after the change of variable s = tu, we deduce from Theorem 4.5 that

e G /th(Xs)d8>
(2 fron]

The purpose of the next example is to exihibit peacocks of type N? using processes which are not MTPs.

t >0 is a peacock.

Example 4.8. Let (X1, X2) be a random vector with values in {1, 2, 3}? and which has the law P(X; = i, X5 =
Jj) = P;j, where
1 (331
P=—1322
20\123
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Observe that P is a symmetric matrix which is not TP since

33
det <32) < 0.

But, (X7, X2) satisfy a SCM type condition (weaker than SCM). Precisely, for every componentwise non-
decreasing function ¢ : {1,2,3}? — R and every non-decreasing and strictly positive functions fi, f2 : {1,2,3} —
Ry, the maps K1, K2 : {1,2,3} — R defined by

Elp(X1, Xo) f1(X1) f2(X2)]| X1 = i
E[f1(X1) f2(X2)| X1 = 1]

Ky:1€{1,2,3} —

and
Elp(X1, X2) f1(X1) f2(X2)]| X2 = i

E[f1(X1)f2(X2)[ X2 = 1]

Ky:i1€{1,2,3} —

are non-decreasing.
Since P is symmetric, it suffices to prove that K; is non-decreasing. Observe that, for every i = 1,2, 3,

S 600, k) falk) Py

Ky (i) = =
> f2(k) P
k=1
Moreover, to show that K is non-decreasing, we may restrict ourselves to the functions ¢(i,-) = 1[4 4oof

(a = 2,3). Precisely, it is sufficient to see that P satisfies

3 3 3
PL Z Plk < L Z fg(k‘)PQk < PL Z fg(k)P;;k (431)
—2 P 31 =2
and
B R U B QU N (4.32)
. fo(k) P Y2 fa(R)Par D2 fa(k)Psg
k=1 k=1 k=1
To obtain (4.31) and (4.32), one may remark that, for every ¢ € {1,2,3} and a € {2, 3},
23: f2(k) Pk 1
k=a _
3 - a—1 '
> Ja(k)Pix Ja (k) Py,
k=1 1 + k;l
1; fa(k) P
Now, since
1 2
§[3f2(2)+f2(3)} g[fz( )+ f2(3)] < 2f2(2) + 3£2(3) (4.33)
and

1 2 3
SR 1363 = 3R 1260 = B+ 260)

we deduce that K is non-decreasing. Note that the first inequality in (4.33) holds since fs is non-decreasing.
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Similarly, one may prove that if (Y7, Y3) is a random vector taking values in {1,2,3}? and whose law is given

by B(Y1 = i,Yz = j) = Py, with

L (321
pr=— (223
20\ 133

then, for every componentwise non-decreasing function ¢ : {1,2,3}> — R and for every non-increasing and
strictly positive functions g1, g2 : {1,2,3} — R,

E[p(Y1,Y2)g1(Y1)g2(Y2)|Y1 = 1]
E[g1(Y1)g2(Y2)|Y1 = 1]

and
E[p(Y1,Y2)g1(Y1)g2(Y2)[Y2 = i]

E[g1(Y1)g2(Y2)|Y2 = i

are non-decreasing.

Corollary 4.9. If ¢1,q2 : Ry — R are two non-decreasing C* class functions such that x +—— zq}(x) and
x — xqh(x) are also non-decreasing, then

_exp(qu(tX1) + q2(tX2))
<Nt  Elexp(q1 (tX1) + q2(tX2))] = 0>

and

«_exp(=q(tY) — ¢2(tY2))
(Nt  Elexp(—q:(tY1) — Q2(tY2))}’t - 0)

are peacocks.
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